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Abstract

Introduction and Aim: Nowadays, the use of artificial intelligence tools and mobile
phones has grown significantly. Therefore, the present study was conducted with the aim
of predicting the phenomenon of dependence to artificial intelligence tools (ChatGPT
case study) based on the components of dependence to mobile phone in students.

Methodology: This study was a descriptive from type of correlation. The research
population was all male and female students of Farhangian University of Tehran city in
the 2025-6 academic years, which 500 people of them were selected as samples with
using multistage cluster sampling method. The instruments of the present research were
included the Demographic Information Form, Researcher-Made Questionnaire of
Dependence to Artificial Intelligence Tools, and Cell Phone Addiction Scale (Koo,
2009). The data of this study were analyzed using Pearson correlation coefficients and
multiple regression with simultaneous model in SPSS-27 software at a significance level

i

of 0.05.
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Conclusion: According to the findings of this study, in order to reduce dependence to
artificial intelligence tools, can be used the educational workshops to provide a basis for
reducing dependence to mobile phone in students.
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Extended Abstract

Introduction and Aim

The use of artificial intelligence and its technologies
is one of the hottest and most challenging issues in the
world today, and people can communicate with them
at any time of the day and share their problems with
them (Singh et al, 2025). Today, the use of artificial
intelligence technology in various aspects of human
life is increasing rapidly (Ghasemi, 2025). Artificial
intelligence is growing and developing at a very fast
and rapid pace in various fields and has created many
changes and developments in the areas of life (Vasquez
et al, 2023). Although the many benefits of artificial
intelligence in various fields and its high speed and
accuracy are obvious, the increasing dependence on it
is considered a negative consequence, and its
excessive use is gradually becoming a lifestyle
(Robayo-Pinzon et al, 2025). One of the negative
consequences of dependence on artificial intelligence
is the erosion of human cognitive capabilities; so that
memory was once strengthened by practice and
repetition, but today it has been entrusted to
intelligent assistants. Even the skill of critical thinking
and analyzing complex problems has given way to
accepting algorithmic suggestions based on artificial
intelligence. Also, this phenomenon has caused a
sharp decline in family and social connections and
emotional interactions (Jinag et al, 2024).

One of the factors that seems to be related to the use
of artificial intelligence tools is dependence to mobile
phones (Kim et al, 2024). Since its introduction, mobile
phones have become an indispensable and inseparable
part of human daily life; so much so that today's
smartphones and their ability to connect to the
Internet in recent years have caused their significant
growth and popularity and created a revolution in the
field of technology (Choe & Yu, 2022). The benefits of
using modern technologies in the world are clear and
obvious, but their use also has negative consequences
such as dependence to mobile phones that need to be
examined (Ying et al, 2024). The phenomenon of
dependence to mobile phones or addiction to them is
very high and increasing; so much so that some
experts introduced it as a 21st century addiction that
people who are dependent on it cannot bear to be
away from it (Jiang et al, 2023). The phenomenon of
dependence to mobile phone is positively associated
with psychological disorders and physical harm, and
other consequences of this phenomenon include
increased distraction, impulsivity, withdrawal and
isolation, sleep disturbance and challenges, and
problems with nutrition and appetite (Li et al, 2022).

The dependence to mobile phone is included in the
list of types of addictions in the fifth edition of the
Diagnostic and Statistical Manual of Mental
Disorders, and its symptoms include excessive use of
mobile phones, preoccupation with it, inability to
control mobile phone use, family conflicts, decreased
health and quality of life, prolonged use and hiding it
from family and friends, imbalance in personal and
social activities, distraction, feeling the need to use
mobile phones, anxiety due to lack of access to
mobile phones (nomophobia), and feelings of
emptiness (zhang et al, 2020).

In recent years, artificial intelligence, especially in the
form of tools such as ChatGPT has become one of the
most important transformative technologies in higher
education, and this tool has a high ability to produce
natural language responses, rewrite texts, logical
analysis, and provide unique opportunities for
learning. Today, the use of this tool has become more
than a teaching aid for many students and has become
a substitute for thinking, analyzing, and writing. In
fact, the continuous use of artificial intelligence
without paying attention to specific educational
frameworks may lead to dependence on it. Also, the
use of artificial intelligence tools can also have a
significant relationship with dependence to mobile
phones. Because today, compared to the past, the use
of smartphones has grown significantly and expanded,
and they are suitable for communicating with artificial
intelligence, and computers should not be used. Given
the importance of addressing dependence to mobile
phone and the space that artificial intelligence has
created for today's student generation, the present
study was conducted with the aim of predicting the
phenomenon of dependence to artificial intelligence
tools (ChatGPT case study) based on the components
of dependence to mobile phone in students.

Methodology

This study was a descriptive from type of correlation.
The research population was all male and female
students of Farhangian University of Tehran city in
the 2025-6 academic years, which 500 people of them
were selected as samples with using multistage cluster
sampling method.

In this sampling method, a number of male and
female universities were randomly selected from
among all students of Farhangian University of
Tehran, and then a number of classes were randomly
selected from each university, and all students in the
class were selected as samples if they met the
inclusion criteria. In this study, the inclusion criteria




included using ChatGPT for more than ten hours per
week, not being on probation in previous semesters,
not being addicted to drugs, not taking psychiatric
medications such as anti-anxiety and anti-depressants,
not receiving psychological services in the past three
months, and having informed consent to participate in
the study. Also, the exclusion criteria included
withdrawing from the study, completing its
instruments, and not responding to more than ten
percent of the items.

The instruments of the present research were included
the Demographic Information Form, Researcher-
Made Questionnaire of Dependence to Artificial
Intelligence Tools, and Cell Phone Addiction Scale
(Koo, 2009). The data of this study were analyzed using
Pearson correlation coefficients and multiple
regression with simultaneous model in SPSS-27
software at a significance level of 0.05.

Findings

In this study, 500 Farhangian University students
participated. Most of the Farhangian University
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students participating in the present study were female
(263, equivalent to 52.60%) and aged 18-19 years
(183, equivalent to 36.60%), and most of them were
studying in the 1-2 academic semester (173,
equivalent to 34.60%).

The findings of the present research showed that all
components of dependence to mobile phone including
withdrawal/tolerance, life  dysfunction, and
compulsion/persistence had a positive and significant
relationship with dependence to artificial intelligence
tools in students (P<0.001). Also, other findings of
this study showed that the components of dependence
to mobile phone were able to predict 42 percent of the
changes of dependence to artificial intelligence tools
in them (P<0.001).

Discussion and Conclusion

According to the findings of this study, in order to
reduce dependence to artificial intelligence tools, can
be used the educational workshops to provide a basis
for reducing dependence to mobile phone in students.
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